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Learning from Demonstration

Two-Stage 
Policy Creation

Experimental Results

We achieve 90% success on long-horizon, contact-rich 
tasks using only one demonstration per task. The policy 
extracts from a single demonstration generalizes to various 
object placements and geometric models.

 

Experimental Results

We built the RBO Hand 3 with a dexterous and 
compliant morphology. The above figure shows that a 
general policy for object rotation transfers to different 
wrist orientations of a robotic arm. We achieve up to an 
order of magnitude more object rotations than the 
current state of the art. 

Our previous work (Bhatt et al. RSS, 2021) showed that 
the hand’s soft morphology adapts general policy 
templates to more problem instances (e.g., different 
object geometries, poses and execution speeds).
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Generalization after instance completion

Active Interconnections 

Experimental Results

In a drawer-opening task, using a wrist-mounted RGB 
camera and a force-torque sensor, our approach results in 
successful executions despite high degree of disturbance 
and uncertainty (Mengers & Brock. ICRA 2025). This form 
of behavior generation does not resort to planning or 
explicitly-coded recovery behaviors.
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A dynamic network of estimators linked by active 
interconnections
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Actions derived from gradients of the network, 
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